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1   Homogeneous graph 
2   Heterogeneous graph 
3   Heterogeneous Information Network (HIN) 
4   Node clustering 
5   Node classification 
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6   Link prediction 
7   Embedding 
8   Deep learning 
9   Graph neural network 
10   Node pooling 
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11   Spatial network 
12   Transportation and mobility networks 
13   Power grids 
14   Biological neural networks 
15   Complex networks 
16   Social and contact networks 
17   Scale-free networks 
18   Small-world networks 

https://en.wikipedia.org/wiki/Electrical_grid
https://en.wikipedia.org/wiki/Neural_network
https://en.wikipedia.org/wiki/Social_network
https://en.wikipedia.org/wiki/Scale-free_networks
https://en.wikipedia.org/wiki/Small-world_networks
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19   Graph Convolutional Networks (GCN) 
20   Message passing mechanism 
21   Attention mechanism 
22   Graph representation learning 
23   Metapath 

https://en.wikipedia.org/wiki/Social_network
https://en.wikipedia.org/wiki/Social_network
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24   Semi-Supervised 
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25   Multi-layer networks 
26  Multiplex networks 
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27     Local community detection 
28     Flattening methods 
29     collapse 
30     Aggregation methods 
31     Direct methods 
32     Random walk 
33     Deep learning 
34     Graph convolutional networks 
35     Influencer 
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36     Edge prediction 
37     Semi supervised learning 
38     Fake News Detection 
39     Rumor propagation 



10 

 

 

 

 

 

 

 

 

 

 

[1] R. Churchill and L. Singh, “Topic-noise models: Modeling topic and noise distributions in social media post collections,” in 

2021 IEEE International Conference on Data Mining (ICDM). IEEE, 2021, pp. 71–80. 

[2] Y. Li, R. Yu, C. Shahabi, and Y. Liu, “Diffusion convolutional recurrent neural network: Data-driven traffic forecasting,” 

arXiv preprint arXiv:1707.01926, 2017. 

[3] J. Atwood and D. Towsley, “Diffusion-convolutional neural networks,” Advances in neural information processing systems, 

vol. 29, 2016. 

[4] C. Shi, Y. Li, J. Zhang, Y. Sun, and S. Y. Philip, “A survey of heterogeneous information network analysis,” IEEE 

Transactions on Knowledge and Data Engineering, vol. 29, no. 1, pp. 17–37, 2016. 

[5] V. Moscato and G. Sperli, “A survey about community detection over on-line social and heterogeneous information networks,” 

Knowledge-Based Systems, vol. 224, p. 107112, 2021. 

[6] X. Wang, D. Bo, C. Shi, S. Fan, Y. Ye, and S. Y. Philip, “A survey on heterogeneous graph embedding: methods, techniques, 

applications and sources,” IEEE Transactions on Big Data, 2022. 

[7]  Y. Dong, N. V. Chawla, and A. Swami, “metapath2vec: Scalable representation learning for heterogeneous networks,” in 

Proceedings of the 23rd ACM SIGKDD international conference on knowledge discovery and data mining, 2017, pp. 135–

144. 

[8] T.-y. Fu, W.-C. Lee, and Z. Lei, “HIN2vec: Explore meta-paths in heterogeneous information networks for representation 

learning,” in Proceedings of the 2017 ACM on Conference on Information and Knowledge Management, 2017, pp. 1797–

1806. 

                                                           

40     Graph compressing 
41     Spanner 



11 

 

[9] X. Li, Y. Wu, M. Ester, B. Kao, X. Wang, and Y. Zheng, “Semi-supervised clustering in attributed heterogeneous information 

networks,” in Proceedings of the 26th international conference on world wide web, 2017, pp. 1621–1629. 

[10] X. Fu, J. Zhang, Z. Meng, and I. King, “MAGNN: Metapath aggregated graph neural network for heterogeneous graph 

embedding,” in Proceedings of The Web Conference, 2020, pp. 2331–2341. 

[11] A. G. Carranza, R. A. Rossi, A. Rao, and E. Koh, “Higher-order clustering in complex heterogeneous networks,” in 

Proceedings of the 26th ACM SIGKDD International Conference on Knowledge Discovery&   Data Mining, 2020, pp. 25–35. 

[12] A. Grover and J. Leskovec, “node2vec: Scalable feature learning for networks,” in Proceedings of the 22nd ACM SIGKDD 

international conference on Knowledge discovery and data mining, 2016, pp. 855–864. 

[13] B. Perozzi, R. Al-Rfou, and S. Skiena, “DeepWalk: Online learning of social representations,” in Proceedings of the 20th 

ACM SIGKDD international conference on Knowledge discovery and data mining, 2014, pp. 701–710. 

[14] Y. Chang, C. Chen, W. Hu, Z. Zheng, X. Zhou, and S. Chen, “MEGNN: Meta-path extracted graph neural network for 

heterogeneous graph representation learning,” Knowledge-Based Systems, vol. 235, p. 107611, 2022. 

[15] Kuncheva, Zhana, and Giovanni Montana. "Community detection in multiplex networks using locally adaptive random 

walks", Proceedings of the 2015 IEEE/ACM International Conference on Advances in Social Networks Analysis and Mining, 

2015.  

[16] De Domenico, Manlio, et al. "Identifying modular flows on multilayer networks reveals highly overlapping organization in 

interconnected systems", Physical Review X, 5.1, 2015.  

[17] Pramanik, Soumajit, et al. "Discovering community structure in multilayer networks", 2017 IEEE International Conference 

on Data Science and Advanced Analytics (DSAA), 2017. 

[18] Wang, Lidong, Keyong Hu, Yun Zhang, and Shihua Cao. "Factor graph model-based user profile matching across social 

networks." IEEE Access 7, 2019. 

[19] Fani, Hossein, Eric Jiang, Ebrahim Bagheri, Feras Al-Obeidat, Weichang Du, and Mehdi Kargar. "User community detection 

via embedding of social network structure and temporal content." Information Processing & Management 57, 2, 2020. 

[20] Tuninetti, Marta, Alberto Aleta, Daniela Paolotti, Yamir Moreno, and Michele Starnini. "Prediction of scientific collaborations 

through multiplex interaction networks", arXiv preprint arXiv:2005.04432, 2020. 

[21] Chen, Zitai, et al. "Tensor decomposition for multilayer networks clustering", Proceedings of the AAAI Conference on 

Artificial Intelligence. Vol. 33. No. 01. 2019.  

[22] https://www.amazon.com/s?k=9783319546575&i=stripbooks&linkCode=qs, p.172. 

[23] Meel, Priyanka, and Dinesh Kumar Vishwakarma. "Fake News Detection using Semi-Supervised Graph Convolutional 

Network." arXiv preprint arXiv:2109.13476, 2021. 

[24]  S. Aghamolaei, F. Baharifard, M. Ghodsi. "Geometric spanners in the MapReduce model" In International Computing and 

Combinatorics Conference, pp. 675-687. 2018. 

[25] Grattarola, Daniele, Daniele Zambon, Filippo Maria Bianchi, and Cesare Alippi. "Understanding pooling in graph neural 

networks." IEEE Transactions on Neural Networks and Learning Systems, 2022. 

 

 


