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Large Language Models for Text Data Mining

Abstract

In recent years, the use of neural networks has made significant progress in various
fields, including machine vision, speech recognition, and various applications of
natural language processing. On the other hand, large language models have made
amazing progress and have shown powerful and unprecedented features in reasoning,
inference, and complex and high-level concepts in various problems. These models,
which learn the details of human language by using vast amounts of data, have been
placed in a general approach due to the production of logical and suitable text in
different contexts.

The use of large language models has expanded beyond traditional natural language
processing and includes a variety of examples of applications, including generating
content for social media, personalized recommendation systems, and aiding scientific
research. Moreover, language models have played an important role in the great
linguistic break and created multilingual communication. The different applications
of this field will be explained in the following. The subject of this research is to use
the capabilities of large language models in order to improve the performance in
various applications of text mining.

Among the different types of data, text is of particular importance. The volume of
textual data has become enormous, and a major reason for that is the technologies
that make it possible for people to easily generate textual data. Examples of textual
data include news articles, scholarly articles, books, digital libraries, e-mails, web
pages, created in question-and-answer forums, and text created in social networks. In
this research, several applications related to textual data are of interest.

Keywords: Text data management, Text mining, Information retrieval, Deep
learning, Large language models.
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