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Text Data Mining using Neural Networks

Abstract

In the recent years, there has been significant improvements in various fields,
including machine vision, speech recognition, and natural language processing, due
to the advances in neural network models, and especially deep neural networks. Due
to these achievements, similar research has begun in the information retrieval and
text data mining fields. Our focus in this research will be on the use of neural
networks and deep neural networks in various applications of text data mining.

Textual data is of particular importance, among different types of data, and is
generated daily in various forms and formats in large volumes, due to the
technologies that allow people to easily produce textual data. Examples of textual
data include news articles, scholarly articles, books, digital libraries, emails, web
pages, content created in Q&A forums, and textual content created on social media.
In this research, different applications related to textual data are considered. Question
retrieval in Q&A forums, conversation systems, recommendation systems, hate
speech detection, fake news detection, and expert finding are among the considered
applications.

Keywords: Text data management, Text mining, Machine learning, Information
retrieval, Deep learning
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